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1) MUzt S& 1: dlo|Eof| whE o5t HEE

CSSE A=4ow g8dhs A7 A2 1) itk dojele] Ak 5l =
27} 2) gt dlolHE $AE 7 e =79 Adeleks 7 7 &
4% 2810l CSS A7+ &dstel] 711 girkal Erk(Lazer et al, 2009:
King, 2017: Watts, 2014). 95 SA=2 CSSEof AHAIE ofef H]
dlold] A1) ake] TR el distiie] HloleE ZrH it
= daE]Es Fal wAske] ARS]A A(social inquires)©ll tiws}
A WhHolgtm AHoJsh= =% 9Jth(Shah, Cappella, &
Neuman, 2015). sFAIgt CSSE T Bldlo|y] 419 3¢ WHFZ
TS Zlou tlolE|e] B8k xshs 21 CSSE AEAl HIrt

AL 8h= el vgo] ofut}, HIE CSS7} thati HlolE|7} 4w
A 2 W ESo] A7 Esiar s A o Wit | WREE
£ gH| FolA dRE Dolv|E sh, CSSE €8sk wAo] HhEA]
Heloled Za+ glrh 2] A (Gary King)9] ¥dS Ud, vlE o
ole|¢] Fret ol oldell= e & o gl e Sl
Hleolg] dHolel= AL HlolElol|wh 9li= Zlo] oW, dlo|e7} Ut
T AEE - YEolAE "actionable” — Hlo]E] 4] W o] A 4
AR Ao = vk Zlofvt
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sk Ao FzE]o] vk Holtk (GE 1)< 2017 ICA CSSAIAe]
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WHES ASEha B i AEo] A SrES Fag
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Mapping Out China's Online Public Diplomacy: A
Computational Textual Analysis Approach

@]

Applying LDA Topic Modeling in  Communication
Research: Towards a Valid and Reliable Methodology

Combining Expert Surveys and Topic Modeling to
|dentify Unknown Issues in Multinational Media O
Discourses

What a Difference a Day Makes: Topics in
Time-Aggregated User Comments on an O
Anti-Immigration Facebook Page

Homophily Versus Prestige: Adding Topics to the
Explanation of Link Formation on the Web

Best Practices in Using Topic Models for
Communication Research

Facebook News Captions as Outsourced Emotions: A
Computational Analysis of Subjective Language of 0
Newspapers on Facebook
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A Case Study Using Syntax Dependencies to Find
Differences Between News and Nonnews Tweets

Evaluating the ‘Liquidity’ of Online News: An
Assessment of the Homepages of U.S. News
Organizations

Finding Topics Associations in Political News Using
Deep Learning

Investigating the Gatekeeping Role of Social Media
Editors of Newspapers Using Computational Text
Analysis

Same News, Different Platforms: A Computational
Approach for Characterizing User Comments Across
Platforms and Journalistic Genres

Simulating Who Sees What: Dismantling the
Babooshka Doll of Layers of Diversity in News
Recommender Systems

Visualization, Technologies, or the Public? A Text
Mining Analysis of Tweets on Data-Driven
Journalism

Software Demonstration: Collecting and Analyzing
Social Media Data Using SocialMedial.ab

Software Demonstration: Virtual Observatory for the
Study of Online Networks (VOSON)

Introduction to rtweet: Collecting Twitter Data

Same, Same? Ensuring Comparative Equivalence in
the Semantic Analysis of Heterogeneous, Multilingual
Corpora

Methodological Challenges in Estimating Tone:
Application to News Coverage of the U.S. Economy

Supervised Sentiment Analysis of Parliamentary
Speeches and News Reports

Best Practices in Computer Automation:
Dictionary-Based Sentiment Analysis

Using Crowdsourcing for Developing an Attributed
Sentiment Analysis Tool

Distributed Sentiment Analysis of Real-Time Political
Tweets

Sentiment Analysis of Twitter Data of a Crisis:
Supervised Machine Learning Method

Technical News Logics Amid the Proliferation of
Computational and Data-Driven Journalism
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A Development and Evaluation of Keywords to
Automatically Categorize Research Methods for 0
Research Synthesis

Extracting Moral Foundations From Text Narratives:

Relevance, Challenges, and Solutions ©
Finding Voices in the Margins: Computer-Assisted o
Discovery of Naturally Belonging Names

Scaling Up Content Analysis @)
Using Text Mining to Measure Diffusion of o

Innovation

BRFolA = AR ©13]¢) 7153 FHE o] bt & Kol
= Holt}, 53] &2, FEHdAlL A (Monroe, Colaresi, & Quinn,
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(Monroe, Colaresi, & Quinn, 2008)

Partisan Words, 106th Congress, Abortion
(Weighted Log-Odds—Ratio, Informative Dirichlet Prior)
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Frequency of Word within Topic
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of stAY 2= FHolF oigw dlojElel] st WAE](Wrangling,
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Ehbs B35S S o7k vl o7]e) Itk(2012).
ThA] EolebA], Alggol e AAT o] Adkd CSS+ vl A4
FHle] RPskE B3l o] =3} Ajlo] o] FolA|aL vt T3 Feid
gk A E719] EdS ABMo 2 Rajslel dushe- gils, of
== (Fieldhouse, Lessard-Phillips, & Edmonds, 2016) 975
HEato], ARSl-Eoll Fefshz 791 AlRke 7)) Sl Sl FQ)
=0 ZNRlelAl vl @akol Zz debd vt ope} Sitel] 9leiA
L= A2% Fel(Network Topology)ell whet oA BepA=A] v
AetA Abazste] o]23st AYs Aleshks 59 2 (Piddrahita,
Borge-Holthoefer, Moreno, & Gonzalez-Baild, 2017)¢] Yeh}ar
At ol dsel =3 AdoM®E & 5 oliko] ZuAlel st
M= A o o]} FHdE o] td ot}
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oF sto] 3713 Aot} t=to] BA| &AL, 253 2E B 75
FEe] 8-S AREEE A ob vl FhdsiAl B 913 Aol =
Takal, 201735 B 24 wtio](social media) ] 391 AT, data
= Toj] 57, Facebook, Twitter 12]al social network site=
2%1 SNS 52 = F vk wHHo] AR w52 Divide, Interact
] Toldl AS & 5 Ak okl = AAFATUAIA Skex]e] W
3= ] F931tE New Media & Societyoll H]sl] <37F @) =80 4=
7F Aol 270 d=E ke, g2 7R St B e w=ielAe
Information °lgk= ©eje] Atd &7t 01503, Coverage
2016-2017doM= s AEEA] &tk glojxl Flome
Knowledge, Television $°]a A& A7 To]ZE Social Media’l &
310}, Participation® Partisan®] ©@eiEe] 2016-173-8 2}A]3}kaL
9JtPA Civie, Citizenship, Community 5 2003-2004132] ©ols
o}, AAdm|t]olr} shfe] Fafolgkal & ke QAN F o)Al
Uk Bakeo] Uik At o S35oaL o] SRl Tkt 1]
tlo] a7t i kehs A, As AR 1 AR JRe] s E oleke A
of F=allof ghhar Hrt.

WHalo] thgl 7P HZol#Iet Journal of Information Technology
and Politics¢} Int'l Journal of Press/Politicsell dig+ 2016-2017
W = AlEEol tigk o] ¥1kef Journal of Communication %
Information, Communication, & Society #'del theh =& A& ¢+
o HIkE Frp o 1 whEo] HOkH((E 3)). g 7HA EH e HE>
E57F Social Media®] 727t F-24%o] vehdth= flojoh, AR 1R
U} 55k 12 %7 WojA| 1 Qi woeld], ¢A] Information
o] AA o g W 9% 181l selective XU} U] Y- message 5°|
woll vk, 5 39k & 4ollM B35, FA AU Alel R 22 Al T4l
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2 o L7 FEXISe == MIE Hoi gl (1): 2003-4, 2010-11, 2016-174

New Media & Society

2004 Hiz 2011 Hiz= 2017 Hiz
media 9 internet 12 digit 14
internet 7 digit 10 onlin 13
studi 7 media 9 media I
onlin 6 onlin 8 socialmedia 8
polit 6 7 public 7
communic 5 mobil 7 communic 6
life 4 social 7 ident 6
social 4 cultur 6 internet 6
web 4 game 6 polit 6
age 3 communiti 5 approach 5
develop 3 case 4 cultur 5
digit 3 model 4 data 5
3 network 4 experi 5
tie 3 product 4 facebook 5
consumpt 2 twitter 4 network 5
2 video 4 privaci 5
implic 2 young 4 site 5
influenc 2 campaign 3 socialnetwork 5
journal 2 capit 3 studi 5
mobil 2 children 3 youth 5

Political Communication

2003-2004 Hiz 2010-2011 Hiz 2016-2017 Hiz
polit 14 news 12 polit 26
news 1 polit 9 media 18
media 8 effect 8 effect I
coverag 6 media 8 parti 10
elect 5 elect 6 news 8
inform 5 campaign 5 elect 6
citizen 2 campaign 5 vote 6
2 coverag 4 digit 5
2 candid 3 socialmedia 5
2 inform 3 campaign 4
cultur 2 network 3 compar 4
debat 2 opinion 3 experi 4
effect 2 strategi 3 particip 4
evalu 2 attitud 2 partisan 4
evid 2 choic 2 presidenti 4
foreign 2 communic 2 public 4
knowledg 2 congress 2 social 4
lang 2 experiment 2 voter 4
letter 2 interest 2 action 3
televis 2 internet 2 inform 3
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E3. o2 2F steX| =2 M Hof

gl (2) @ 2016-174

JITP & |JPP

HI=

JOC & ICS

polit 30 communic 29
media 21 news 20
elect 15 onlin 19
campaign 14 polit 19
news 11 socialmedia 19
effect 9 media 18
socialmedia 9 social 17
twitter 9 analysi 15
digit 8 digit 15
onlin 8 public 14
agenda 6 facebook 13
facebook 6 twitter 13
analysi 5 network 12
candid 5 studi 12
communic 5 populist 10
democraci 5 role 10
impact 5 select 10
interact 5 inform 9
press 5 internet 9
public 5 support 9
studi 5 campaign 8
chang 4 chang 8
data 4 content 8
network 4 mobil 8
particip 4 particip 8
inform 4 privaci 8
o] A 5 9 Eﬂﬂﬁl—t— s 0w o] o] thgh
& A HE AAsAPE, Foluny A2 s e
Q= Rl Zhe <18, Ju. EakE S48 ol Bgae] 27

%S
= 5 = Jdrk(d. Aelst et. al, 2017). ZUH=Z 4= &

e Aow A=) T8I TV7}F o] 48] A AR =
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A dollA, EEA Fols Hert TVE oW Ads Hevlol
w2} AR gy} ol g2k, §59 - o]FS - 499, 2017), T3
IS 772 RS Rt ohye) s 2ol ek HQ1HQ) &
o] ofe] 7HA] et RS F8f ol FoA L sl Attt =, v
shel o] gL 2 ol tiEk 54T a9 dE 5ol ARl 9
3l E317](Framing) 37} Jebd 1

22 PAE g /A ek 1 ofufel|A] wjullat ofo]<llA (Bennett
& Iyengar) 7} 200811 A New Era of Minimal Effect =xzollA] 41
2] =% (Selective Exposure) ] @3S vt 212 olaid = 9l
t}. o]o} #Aste] steke}t ~F(Shehata & Strombick, 2013)+& o
8] g4I mlt]o]o] oAt AW gal= AEAA] oLy, thekgt
2Rl 8] 2L o3 BE AT HashHA o
y gkl A A7} oFYoh('Not (Yet) a New Era of Minimal
Effects”) 2far gk u} i}

AR gapoh ¥ o] A5o] MEs Fohl77t o o H AL
= 7kl CSSHRe] ko w gAdshd Floleh= oful= AHA) AR
=, A4 B EeRvRs Heleleh SA7F de Aile Rz Hd, F
Zre] ZAgtell gk Ax gl tiiti F Soll S Ale ovgit)
71 mdo] 77228 g3t AlEe] A 7151 v, Tt HA]
5 FAN 22 AT eSS B wskek 22 walA gt

= Zg7E itk 23] 7H°]Q B o] TR Q173 Adeloll A Az

of, FHFe] S A8-E Fall ol By} oA Wsteh=rl EH
gk Zlo] B 2k 74013}51 s e A B L) P et S A ad,

A4S Be AEAQ A= CSSe 4 gElsh dvk =3 &
oA FHo| R ARgA 8uWwhE S o Jd oyt A3,

QA AALE Blal o= FRI vXE Fgge] T el o At
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- A WA oE o|FojHA] Gt =&, JERHEntman)¥} 22 St
AR= 2016 ICA A UellA GrE5 Aldel] S5k @ols
Hg]aL, ofel A2k (priming) v HtTHaL A |5

3) B S8 3: AlLfxIet 22k Alo]
Az AEsh vde] $70] ARE AT PUS BUW SFS WED

grhl, 7|E A7 Ee 1o el AL the oz Csssh

B A BdEgs 9 <l WA FES A9 AR A
F Aot} & #hv]El=(Conn & Ramirez, 2017)% WS 43
WAZE M= SR e A 2gar aapde] dazkgo

735l digk mds] 7o iy XY AE B 24 S fEE
| e 2E(Fuzzy Forest) WS BolFaL gk, A | AEx= 7
Ao ot AY TS L& A, g Ale] wtut RA]Y)
dhEcol 1ty WE A AL, EupA] o] Sl wt deHr)E

N

WHEShH 7R X)7|7F RhaEE Als EFEl B SAE AT TR

SR Zol7p dlSAE whEolvia oo wit HlolHE sk W

He Wit R, Y IYiEs EdE 283 e o U

- @ mo] opg} ofe7bA] ket REls Foll ARE S - & &
f3t31, A overfitting) FAIE ldsh] YalA] AAE WHolch)

2 2 =(2017) = AEAR A A HE 5UE SAS F

A A7IA 2= 934 B¢ 2™ AYS HA] EYAE WS FEl

11.1Z%vbl suiickar Baskich 185709 #Azel o= W= 30
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fe] T8 MR Folal 7 Wse] 84S v wEA ARSI
ole] =& o 2]} A&l well oloprlstar ARg|Fste] o] gt
A o] oBA 227tell thaf ofoprshs dl2A, ol A e
F&70l SolA AR Y w23k AL of2idt Aol vkl W
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(Computational Social Psychology)gl= #S BWH
ABMyo] A= a1 Q)& B 1 9)o] FFAIARI ATt Ay ALIE 2

T A=A 5 o7 2AI7F A71E 5 Aok
T3l 54 AFUE viAAE BT
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o nyolol] o3t M5 gis oFstAZIv= A4 (Iyengar, 2017)
I HEo], He CSS #F opree ko AlE|gr|ut dat5o] n}
FAA F A= FOIA] Az Bojop & Q) vt 1 AAelA
FoE 4 *‘:’EVQ] A A 8R1S e B avt vk ol
AAE EAF, 25 VXA E Hol R el B A5 wEA
A A Je Hlawsh| 98] BAE violdSs Edd A7 ST
(Kramer, Guillory, & Hancock, 2014), L A A¥el A A18
Aol 1Egk vAAl B Wl A o -39k 1Hel ti-Sshs
ol 58 Wol ARSSIth: W8-S 4% a9 He A = A
A AR Q3]Y o] S04 Helke 28] ARSIEH ATttt
718 AellA 7128 A WS Bl A9 2R &3] m]A[A 2flo]
g} Y 2E 2 g dTeES gk ave] AHS AA

Aoz Ffste], 7 A Al tid 5l Ads aefshs W
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HE 4 20174 CSS MlMdol| ezl Y =M 23 == M=
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New Bottle of Old Wine vs. Old Bottle of New Wine: What
Contributions Have Computational Methods Made to Social A
Media Research?

Computational Approaches and Diffusion of Health
Information
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Studying the Political Communication of Opague Regimes
Through Computational Methods

Computational Approaches and Public Relations A

The Implications of Computational Methods for
Comparative Studies
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Knowledge-Structuring Practices: Using Semantic Network
Analysis to Assess the Influence of Design Team Structure
on Knowledge Emergence

Are We Who We Follow? Analyzing Human Personality and
Brand Following on Twitter

Correlation Between Linguistic Content and Social Links in
an Online Network

Exploring the Optimized Network Structure for Discourse
Quality: Evidence From Analyzing Reddit Politics

The Hidden Costs of Requiring Accounts Online:
Quasiexperimental Evidence From Peer Production

The Cost of Communication Failure: Validating an Empirical
Case With Individual-Based Modeling on MERS outbreak

Intervening “Just-in-Time": Supervised Machine Learning to
Detect Recovery Problems in an Online Support Forum

It's Not Just About Mobility: How Can Mobility Datasets
Advance our Understanding of Information Diffusion

Recommendation With Spatio-Temporal Information

A Multimethod Approach to Collecting and Understanding
Mobile Log Data

Analyzing Mobile Phone Data With Network Science

Stability in the World Wide Web: A Longitudinal Two-Mode
Network Analysis

Can Big and Broad Data Motivate New Network Theories
&Methods

Network Methods for the Analysis of Online Data

Ontologically Aware Social Media Network Research:
Concepts and Tools

Trends, Tools, and Technigues in Network Visualization for
the Social Sciences

Connecting Issues and Actors in Online Activist Fields

Who Sets the Political Agenda? Applying the Network
Agenda-Setting Model to Twitter

Hybrid Contagion: Theoretical and Practical Implications for
Communication Campaigns

The Contagion Effects of Recurrent Activation in Social
Networks

The Predictability of Communication Patterns in
Spontaneous Teamwork

Social Hypergraph Analysis: Towards an Operationalisation
of Actor-Network Theory Using Hypergraphs
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Abstract

Communication Study in Flux

: Trend and Prospect of Computational Social Science

Yoon Ho Young

Senior Researcher, Communication Research Institute, Yonsei University

This paper discusses how Computational Social Science(CSS)
intertwines with communication study. CSS is reviewed with three
main areas: Agent-Based Model, Network Analysis, & Text mining.
By discussing current development and prospect, it is elaborated
that how the field of communication conjoins with CSS and what is
its implications. Research and Educational aspect of CSS is also
discussed.

KEYW ORDS Computational Social Science, Data Science,
Agent-Based Model, Network Analysis, Text Mining
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